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attach as a baseline
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Performance on
simulated data



Distortion parameters
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Regression parameters

Within-line regression
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Accuracy of algorithmic correction (%)
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Phenomena that the algorithms are invariant to
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Example trial by an adult
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Example trial by a child
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Accuracy of algorithmic correction (%)

Accuracy against the gold standara
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Percentage point improvement in accuracy

Improvement over no drift correction
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Percentage point improvement in accuracy

Wisdom of the crowd
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Interrater reliability as a measure of trial quality

Entire dataset (877 trials)
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Conclusions

1. We have provided a systematic comparison of the major algorithmes,
which should give researchers more confidence in using these methods

2. We have laid a solid foundation for future work in this area by unifying a
disparate literature under a single framework

3. No silver bullet - some work will still be required to clean multiline
reading data

4. Combining the solutions of many algorithms may provide better overall
results and offers a way to evaluate trial quality
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